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Abstract This paper proposes a method for transforming a review text into a catchy tagline-like phrase. For instance,
given a simple review statement such as “It does not get in the way when in my pocket,” the proposed method outputs
catchy phrases like “Slides into your pocket, snap with ease.” To achieve such transformations using large-scale language
models (LLM), the method employs three techniques: 1) fine-tuning with prompts, 2) generating transformed candidates
with in-context learning, and 3) re-ranking of generated candidates. The Open-Calm model is fine-tuned using a Catchy—
Copy Corpus created manually from a book. Subject experiments are conducted using the model and review data from
actual review sites. The experimental results demonstrate that each technique effectively contributes as expected, and

their combination enables the most appealing transformations.

Key words LLM, text mining, product review, catchphrase



